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Abstract Of Master’s Thesis Academic Year 2017

Construction of evaluation method by prefecture by
Twitter

Summary

These are examples that the municipality promoted as local specialty products actually suc-
ceeded. However, these are famous success examples, not all famous products are similarly fa-
mous. The promotion of special products is largely dependent on people, there are variations in
the real awareness of the world.For this reason, it is thought that there are things that are not well
known. It is difficult to understand the fact that of specialty products except people who visited,
looked and ate and people who are involved in the local administration. It is the purpose of this
research to make it surface and to establish a method to support local governments. In order to
investigate the situation of such local products, it is necessary to immediately obtain information
on people’s place and feelings. One of the methods is analysis of SNS which has various existing
studies exist. Position information can also be given to posts on SNS and it can be posted fre-
quently in a short time, so people and scenes who post postings with location information on real
events are on the rise. Therefore, in this research, I thought that I could know the actual condition
of regional specialties through SNS, I verified and evaluated it.
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geotag, region, local specialty, microblog, WordNet, Polarity analysis
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2.1.5 Earthquake shakes Twitter users: real-time event detection by social sensors
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42 0O0O0O0O

041:0000

0S [EEEER
MacOS.verl0.11.6 | Python3 |

4.3 Tweet Scraper

O00ob0ob0ob0ob0obobobuoboboDoo0ouUob0ob0O0obUlU . Tweet Scraper U
oboobobobooooboobobuo.coobobdb esvbooooooooboD
ooo0,0000 Twitter d Streaming APIO OO OOOOODO.

OO0O0000 4.1: Tweet Scraper

# coding:utf-8
import os
import sys
import time
import json
import tweepy
import csv

"o0oooooono:
"ooooooooooooor

consumer_key
consumer_secret
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30

31

32

33
34
35

36
37
38
39
40
41

42
43
44
45

"oooooooo™
"oooooooooooooo"t

access_token
access_token_secret

row = "__id__:{},.__timestamp__:{},.__text__:{},.__coordinates__:{}" #000000OO

class StdOutListener (tweepy.StreamListener):
def on_data(self, data):

try:
tweet = json.loads(data) #json 00O 0O 0O0OOO
id = tweet["id"]
timestamp = time.time() #00 000
text = tweet["text"].encode("utf-8").replace("\n", ".") #0000000
coordinates = tweet["coordinates"] #0 000000
if tweet["user"]["lang"] == "ja": #0 0000000000
if coordinates is not None:
with open("twitter.csv", "a") as f:
writer = csv.writer(f, lineterminator="\n")
writer.writerow([id, timestamp , text , coordinates["coordinates"
11) #csvO DO O
except:

pass
return True

def on_error(self, status):
# disable error handler
# print status
pass

if __name__ == "__main__":
listner = StdOutListener ()
auth = tweepy.OAuthHandler (consumer_key, consumer_secret)
auth.set_access_token(access_token, access_token_secret)
stream = tweepy.Stream(auth, listner)
stream.sample ()

4.4 Reverse Geocoder

OooooooooooonoonDobooooboobOobO.bodgoDg Reverse Geocoder U
gboobooooobgooooboooo@o,ob)booboobooboobo,boooooD
gooboooooooob.oooboboobooooobob @wo,b0)booooboob
gobooobobooboooboo,booboboobo@o,on)yoobo@oon)
ooboobo,0booboobo0boodbooobo.oboobob0o0oboobbd Yahoo!D
oboobobooboobooboo APIODDOOO.
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32
33
34
35
36

IRNZA=%5 L] RtEA

appid (Z8) string FFVr—v3viD, #lEcE5EBELLEEW,
lat (HZA) - BE,

lon (@7H) . BRE,

datum string BEREZORAMR :

« wgs- ERAMR (T7ALK)
 tky - BERIHSR

output string YDFDH A :
o xml- XMLEER, (7L K)
« json-JSON (JSONP) =

callback string JSON (JSONP) &L THATZEOI—/L/Ny V7 E#A.

O 4.1: Yahoo!DO O OOOOOO APIDODOODOODOOD0DODOODO [20]

O0O0000 4.2: Reverse Geocoder

# coding:utf-8

import urllib.request
import csv

import re

import json

import sys

import codecs

app_id = "OOOOODOOOID"

base_url = "https://map.yahooapis.jp/geoapi/V1l/reverseGeoCoder" #0100 00O URL

output = "json" #I0DOOODOO jsonll [0

lon = "0" #0000000O0O

lat = "0" #00000000O

url = base_url + "?lat=" + lat + "&lon=" + lon + ’&output=’ + output + "&appid=" +
app_id

with openC’O0000O00DOODODOO’, "r") as fp:
reader = csv.reader (£fp)
1stl = list(reader) #0000000000O0OCO

with open(C’O00OOOO’, "w") as fp2:
i=0
1st2 = []
for i in range(0®, 10000):
print (i)

lon2 = re.search(’[0-9]+\.[0-9]+’, 1stl1[i][1]) #000000000 1ond O O

lat2 = re.search(’ ([0-9]1+\.[0-9]1+)$’, 1stl[i][1]) #000000000 Iatld OO

try:
lon2_num lon2.group(®) #000000O
lat2_num = lat2.group(®) #000000O
url = base_url + "?lat=" + str(lat2_num) + "&lon=" + str(lon2_num) +
output=" + output + "&appid=" + app_id
res = urllib.request.urlopen(url).read()
json_data = json.loads(res.decode(’utf-8’))

try:
pref = json_data[’Feature’][0][ ' Property’][’AddressElement’]J[0O][’
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39
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43
44
45
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Name’] #0000
0
1stl[i].append(pref)
fp2.write(str(lstl[i]) + "\n")
except:
1stl1[i].append("not.found")
fp2.write(str(1lstl[i]) + "\n")

except:
1stl1[i].append("not.found")
fp2.write(str(lstl[i]) + "\n")

4.5 Analyzer

AndlyzerUOD OO DOOOO0OO0OOODOOOOOD,0000000000DO0O0O,000O0
ugbboobuoobobooboobbooobuoobbooboobbooboobobo.g
000000 MeCab[l4]0D 00, 000000000000000DO0O00O0O0ODO0OODO
gboobooboobbooboobboo mooobooboon.

000000 4.3: Analyzer

#coding: utf-8
import re
import csv
import time
import MeCab
import random

with openC’O00O0OO0O’, 'r’) as fp:
reader = csv.reader (fp)
tw_df = list(reader) #0000000000

with open(’O000COOCO’, ’r’) as fp2:
reader2 = csv.reader(fp2)
pn_df = list(reader2) #0000000000

i=0

tw_tx = []

m = MeCab.Tagger(’’)

for i in range(®0, OO OO O):
tw_tx.append(tw_df[i][0]) #0 00000000000 OCOO

def get_diclist(text): #0000000000000OOO,0000O0OO00O0O0OO
parsed = m.parse(text)
lines = parsed.split(’\n’)
lines = lines[0:-2]

diclist = []
for word in lines:
1 = re.split(’\t],’, word)

d = {’Surface’:1[0], ’POS1’:1[1], ’'P0S2’:1[2], ’'BaseForm’:1[7]}
diclist.append(d)
return(diclist)

word_list=[]

pn_list=[]

i=0

for i in range(®, OO O OO OOO):
word_list.append(pn_df[i][0])
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39
40
41
4
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60
61
62
63
64
65
66
67
68
69
70
7

72
73
74
75
76
77

i=0
for i in range(®, OO DO OO OOO):
pn_list.append(pn_df[i][3])
pn_dict = dict(zip(word_list, pn_list)) #100000000000O0O0OO0OOCOOOODO0O

def add_pnvalue(diclist_old): #000000000000000O00O0OO0OODOOOOODOOOOO

diclist_new=[]
for word in diclist_old:
base = word[’BaseForm’]
if base in pn_dict:
pn = float(pn_dict[base])
else:
pn = ’notfound’
word[’PN’] = pn
diclist_new.append(word)
return(diclist_new)

def get_pnmean(diclist): #000000000000OC0O0OO0OOOOO

pn_list = []
for word in diclist:

pn = word[’PN’]

if pn != 'notfound’:

pn_list.append(pn)

if len(pn_list) > 0:

pnmean = float(sum(pn_list)/len(pn_list))
else:

pnmean = 0
return(pnmean)

i=0
pnmeans_list = []
with openC’O00O0O0O, "w’) as fp3:
for i in range(®, OO OO):
dl_old = get_diclist(tw_tx[i])
dl_new = add_pnvalue(dl_old)
pnmean = get_pnmean(dl_new)
pnmeans_list.append(pnmean)
j=0
for j in range(0, OO O O):
fp3.write(str(pnmeans_list[j]) + "O" + str(tw_tx[j]l) + "\n")

4.6 [ U0 WordNet

U000000000000 WordNetDUDOODOO.0OO,0000000 WordNetD OO
UboobobobOoboboboboONICTHDODODODOD WordNetD OO OO QOO

uo.
O 42: WordNet D DO OO QO 1
un WordNet O 0 0O O
oboooo (ooooo,000
ugod goboog,goooo

goooo |0bboob,0bo0n
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O 43: WordNetD OO QO 2

un WordNet O 0 0O O

ood ood,d

ubooono (bDoo,bo0,00040,b0000,0b00000,ete
0 go,00,00,00,0,00,00,00,00,00,00,etc
god goo,00,000

goog gooo,b,0ooo0,n

ugboooao (booo,goo,bo,bbo,booog,bgoboa,uoobo
god goo

oo oo .,0,000

oo uo,od

ooo goo,oo

goog goo

oboooo |bboooo
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oo gooog

u g,ogo,gb

ogooog gooog
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goog HEN
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un gbooog,booo

ooooo |0b,00000
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oo o,o0d

oo g,ob0,000,00,00

uod goog,boon

oo goob,b0o0on

ogod goboo,ooooo,goooo,ooboboo,ooon
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ogooog gooog

ooood gooo
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googd go,000oo
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oo WordNet O 0 O O

god g,o0o00

god gobog,booo,gbooabo,obo,bbga,bg,bgao
oo go,0000,0000

0 go,b0,000,000,0000,00,00
oo uo,od

g uo,od

god goo,00
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oo go,0,00

oo goo,000

ooo gooob,o0,000

ogod goo

RN uoo,d

g uo,d

god goo,004,0

g g,oogoog,og,o,n

ogooog goog,o

oboooo (ooooo

goog gooog

ogoooo |0bbooo

goog gbooog,booon

oo go,00,00
un u,od

ogooog gooog

oo oo,o00
oboooo |0oooogo

oo goob,b0o0on
ogod goo

googd gooo,0ooobgoo
ugod goo

oo RN

god goo

23



0350 OO0

gobooboobooobooobooobooboobooboobooobooboob0o.g0n,.pm
U 0O positive/negateve 1 PNO O OO 0OUOO, 0000 60000000000000O00O0.N/A
gboobooboobboobooboobobooboo.

51 0O0O0O0
051:0001

oooo | ool p/n oo2 | pn | 003 p/n
000 ooo | -007173 00000 | NA 0 -0.50303
000 000 NA | oDooo | NA |DDDOO0 | NA
OO0 000 N/A 00 032323 00000 | NA
000 000 N/A 0 032784 | 0O0OO | -050223
D00 |0D0D0O0O0 | NA 00 N/A 0 N/A
D00 |000O0O0 | NA 00 N/A 00 N/A
000 0 N/A | 0000 |-044614| DOO N/A
000 0 0345767 | DOOO | NA 000 N/A
000 000 N/A 00 05109 | 0OOO0 | -0.36509
D00 |0000O0 | NA 0 066471 | OO N/A
000 00 0 oo N/A 00 N/A
000 000 N/A 0 N/A 000 N/A
000 00 064511 | D000 | NA |ooooo | NA

Dooo | ooo | -037989 | OO0 N/A 00 -0.58886
000 0 -0.56708 00 N/A 0 N/A
OO0 00 N/A 0 053098 | 000 N/A
000 000 N/A 00 N/A 000 N/A
000 0 -0.41957 00 N/A 00 N/A
000 000 N/A 00 N/A 000 N/A
000 00 N/A oo N/A 000 N/A
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nooo| oot | pn | DO2 | pm | 0O3 p/n
000 0 N/A oo N/A 0 N/A
ooo 00 059312 | 00O N/A ooo N/A
0oo 00 057287 | 0ODOO |-089626| 00000 | NA
000 00 N/A 00 N/A 0 N/A
000 0o N/A 0 N/A oo N/A
0oo 00 059138 | OO0 | -0.49056 0 N/A
000 | ODOO N/A 0 N/A 0 N/A
OO0 |00DO00 | 053887 0ooOD | -054326| OO N/A
ooo 0 053128 | OO 057122 | OO N/A

oooo | 000 N/A 0 N/A 0 N/A
000 0 N/A 0 N/A 0oo N/A
000 | 0000 NA | 0000 N/A oo N/A
000 | 0DOoOoo NA |ooooo | NA 00 N/A
000 0o N/A 000 NA | 0DO0DO N/A
0oo 0O 02671 | 00O N/A 00 N/A
ooo ooo NA |ooDooo | NAa 00 N/A
00O 00O NA | 0000 N/A oo N/A
ooo ooo | 06741 | DoOD N/A ooo N/A
000 oo N/A 000 N/A oo N/A
000 0oo N/A ooo NA | 0000 |-053443
000 0o N/A 0o N/A 0 N/A
000 | 0DoOoo N/A 00 NA |0D0DO00 | -0.74047
000 | oooo N/A ooo N/A ooo N/A
00O 000 N/A oo N/A 00O N/A
000 | 0DOOoO N/A 00 N/A 0 N/A

000D |0D0D0D0 | NA | 00000 NA oo N/A
000 0oo NA |ooDooo | NA | oDooo N/A
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